Introduction
Microfinance institutions (MFIs) focus on providing financial services, in most cases by offering (very) small loans, to poor households that are excluded from the formal financial system. The practice of microcredit started in the mid-1970s and since then it has grown rapidly. The market for microcredit has been booming, especially since the early 2000s. Although the global financial crisis led to a reduction of the growth of microfinance activities (Wagner and Winkler 2013) , microfinance has remained high on the agenda of policy makers as a potentially important instrument to reduce poverty. The main driver of its growth has been the belief that having access to finance is crucial for the poor as this helps them to smooth their consumption, generate business opportunities, and improve their inclusion in the formal economy in the long run (Collins et al. 2009 ). By facilitating self-employment and entrepreneurship, access to credit would help the poor to lift themselves out of poverty (Morduch 1999; Armendáriz and Labie 2011) . For this reason, some have argued that the microfinance industry should be seen as ethically progressive (Hudon and Sandberg 2013) . Others have made the claim that microfinance is ''…one of the fastest growing corporate social responsibility (CSR) tools in the finance sector'' (Pohl and Tolhurst 2010, p. 180) .
In recent years, however, microfinance industry has become subject of increasing criticism. In fact, some even go as far as claiming that the industry is currently facing an ethical crisis (Hudon 2011) . This crisis was triggered by a number of events, starting in 2007 with the critical attention the Mexican MFI Compartamos received when it was found out that its financial success was at least partly based on interest rates in excess of 100 % their clients had to pay (Lewis 2008) . Also in 2007, an authoritative impact study was published, showing that microcredit does not contribute to improving the living conditions of the poor (Banerjee et al. 2013 ). This study was followed by several other impact studies showing little evidence that microcredit has a positive impact on poverty reduction.
1 And finally, in 2010, MFIs in India were accused of using exploitative lending techniques and using forceful loan recovery practices, leading to the suicide of several Indian MFI clients (Biswas 2010; Mader 2013) .
Notwithstanding the criticism microfinance has received, the sector still obtains a substantial amount of cross-border funding.
2 The largest part of this funding is from public sources (e.g., multilateral institutions, governmental donors, etc.), but private funding from commercial banks, pension funds insurance companies, private equity firms, etc. has been growing and has actually grown at a faster rate than that of public funders during recent years (El-Zoghbi et al. 2011) .
3 This growth reflects the increasing interest in microfinance as part of a more general trend towards socially responsible investments (SRI). These investments, combining investors' financial objectives with concerns about environmental, social, and governance issues, have become increasingly popular around the world.
In order to be able to secure sustained interest from these investors, it is important that MFIs can show evidence of their contribution to reducing poverty at the bottom of the pyramid. For this, it is crucial to understand under what conditions MFIs are able to contribute to poverty reduction (i.e., their business model is socially sustainable) and when they can reach this for the longer term (i.e., their business model is financially sustainable). In this respect, MFIs are often characterized as hybrid institutions (Battilana and Dorado 2010; Morduch 1999) . The current study can be seen in this light as we contribute to the literature on the determinants of the financial and social performance of MFIs.
From its start in the 1970s, a large part of the microcredit offered to the poor has been characterized by innovative lending methodologies implemented by MFIs in order to increase the probability of repayment of loans. In many cases, these MFIs use the so-called group loans with joint liability to incentivize asset-poor borrowers to substitute the lack of physical collateral by their social capital. Hence, the success of a large part of the relationship between MFIs and their borrowers depends on the social capital those borrowers can bring into the contract.
To explain the drivers of the financial and social performance of MFIs, research has mostly focused on institution-specific factors, such as the type of loans issued, governance, and the formal type of the institution (see, e.g., Mersland et al. 2011) , as well as on macroeconomic factors and the formal institutional context (see Ahlin et al. 2011; Hermes and Meesters 2011) . Yet, there is very little evidence with respect to how country-level disparities in terms of social capital availability are related to the MFI performance.
This may be due to the difficulty of quantifying the different facets of social capital. Nahapiet and Ghoshal (1998) summarize these different facets into three categories: structural social capital (the presence or absence of relationships between individuals, the configuration of their networks, the characteristics of interpersonal connections, such as network connectivity, density), relational social capital (the type of relationship developed through past social interactions, like respect, trust, acceptance, friendship, sociability), and cognitive social capital (shared norms and languages, shared narratives).
A few studies have recently engaged in proxying social determinants of MFI performance through measurements such as generalized social trust or various cultural dimensions (see, e.g., Karlan 2007; Burzynska and Berggren 2015; Manos and Tsytrinbaum 2014) . However, no study has looked at how MFI performance is predicted by the extent to which social contexts facilitate the formation of social capital. Building on Nahapiet and Ghoshal (1998) , we argue that social capital formation is facilitated by social determinants such as trust (i.e., relational social capital) or shared cultural aspects (i.e., cognitive social capital) and hypothesize that social capital-based lending contracts are likely to be more successful in societies where less hurdles are encountered in the process of social capital accumulation.
Research has indicated that copying the social capitalbased lending models to different contexts may not always be successful. For example, Masanjala (2002) , based on a 1 See Bauchet et al. (2011) for an overview of these impact studies and a summary of their findings. 2 For example, in 2009 (i.e., in the middle of the global financial crisis and just 2 years after the criticism on microfinance started to emerge) total funding reached US$21.3 billion, which was 17 % higher than the total cross-border flows for 2008 (El-Zoghbi et al. 2011) . 3 Recent examples of the storng interest of private investors for investing in microfinance are the very successful IPOs of Ujjivan Financial Services and Equitas Holdings, two Indian MFIs. Both IPOs attracted substantial investor interest as they were 41 and 17 times oversubscribed, respectively (Money Control 2016; Juhasz 2016). study of the performance of a Grameen-type MFI in Malawi, questions the replicability of Grameen-type banks in Africa. Walker (2012) comes to a similar conclusion based on a study of a Grameen-type bank in the Comoros. These studies suggest that it may indeed be relevant to look at differences between societies in terms of how social capital formation is facilitated, in order to understand the success/failure of social capital-based lending models. To our knowledge, no research looks at the link between MFI performance and the extent to which social capital formation is facilitated within a society. Our study may shed light on the characteristics of the social contexts in which microfinance can be successful.
This paper aims to fill this research gap. We use three different categories of indicators as proxies for the three social capital facets described by Nahapiet and Ghoshal (1998) . First, we look at the degree of individualization of a society as a proxy for the extent to which the formation of social capital structures (i.e., the formation of relationships between individuals, the configuration of their networks, their network connectivity, density, etc.) is facilitated. Second, we look at generalized trust as a measure of how easy relational social capital can be formed. Third, we look at the fractionalization of different societies to get an approximation of how easy cognitive social capital may be developed in those societies. We use data from MFIs active in 100 countries to investigate the relationship between these three categories of proxies and the financial and social performance of MFIs.
The remainder of this paper is structured as follows. ''Social Capital and the Performance of MFIs'' section gives an overview of the importance of social capital for the success of microfinance, whereas ''Hypotheses'' section develops our hypotheses. The data and empirical methodology used are presented in ''Methodology and Data'' section. The descriptive statistics are discussed in ''Descriptive Statistics'' section, followed by the presentation of the results of the econometric analysis in ''Econometric Results'' section. ''Summary and Concluding Remarks'' section concludes.
Social Capital and the Performance of MFIs
MFIs offer a range of financial services to poor households and small businesses (SMEs). The most important of these services is lending. Just like commercial banks, MFIs are confronted with asymmetric information with respect to the repayment capacity and/or repayment willingness of their potential borrowers. These borrowers have better information about the quality of the projects in which they invest the money they receive from the MFI, allowing them to make a better judgment of the probability of loan repayment. Commercial banks as well as MFIs try to reduce the problem of asymmetric information using various mechanisms. Commercial banks invest in screening and monitoring practices by collecting and evaluating hard information, such as formal records on assets and liabilities, income statements, salary specifications. In addition, they usually demand valuable collateral. Moreover, in countries with a well-developed law and property right system, they may recover the loan by going to court once a loan is not repaid.
MFIs use different methods to reduce problems of asymmetric information as they mostly deal with borrowers who are poor and have small loans. Screening and monitoring of this type of clients is generally costly due to the fixed cost nature of these activities. Moreover, information regarding these borrowers is opaque and more difficult to evaluate as formal records on assets and liabilities, salary, etc., are usually non-existent. In addition, poor borrowers and SMEs have no valuable physical collateral. Finally, MFIs are usually active in countries with an under-developed law and property right system, which makes it difficult to recover the loan by going to court.
MFIs solve problems of asymmetric information using soft information. One strategy to collect soft information is to have loan officers visit potential and existing clients to verify repayment capacity and probability, as well as to collect interest payments and repayment of the loan. The direct contact these loan officers have with their clients reduces asymmetric information problems. Through frequent interactions, loan officers may also accumulate social capital in their relationships with their clients. This leads to higher reciprocity, and, thus, to less opportunistic behavior and higher repayment willingness.
Another strategy MFIs frequently use is providing loans to groups of borrowers instead of individuals. In the context of the so-called group-lending model, group members are jointly liable to repay the loans taken up by individual group members. This provides incentives to group members to screen and monitor each other as the group's repayment determines the contributions individuals have to make to repay existing loans and/or have access to future loans. Since group members usually live close to each other in villages or urban districts, they are closely connected through social networks. These social networks provide the necessary soft information based on which screening and monitoring can be carried out effectively, thus reducing asymmetric information. Moreover, the networks provide a context allowing group members to enforce loan repayment of fellow group members. Group lending with joint liability can be seen as a substitute for the need to invest in screening and monitoring by the MFI. This lending model creates the so-called social collateral, which helps improving the repayment of the borrowers of these institutions.
Thus, the lending techniques used by MFIs are based on exchange relations where social capital plays an important role. These techniques are used because for most of their clients MFIs are confronted with information opacity, i.e., they have to deal with the lack of widely available and transparent information on the characteristics of their clients. Social capital makes transactions possible in such an environment. Borrowers living in environments that stimulate and facilitate the social capital accumulation may thus have higher stocks of social capital that they can use to substitute for lack of hard information and valuable physical collateral. Therefore, based on our discussion of the mechanisms underlying the provision of microfinance to poor households and SMEs, we expect that MFIs active in environments conducive to social capital development have better financial and social performance.
Several papers have investigated the importance of social capital in explaining the repayment performance of microfinance clients. The majority of these studies find a positive relationship between social capital and repayment, although there are some notable exceptions. Wydick (1999) uses information from an MFI in Guatemala and focuses on the extent to which group members know each other before they enter a borrowing group, whether they are friends, and/or whether they partake in joint social activities as measures of social ties between group members. He does not find evidence that stronger social ties are associated with better repayment performance of borrowers. Hermes et al. (2005) focus on microfinance in Eritrea and use similar measures of social ties. Their research shows that social ties help group leaders to improve their screening and monitoring efforts, resulting in lower incidences of repayment problems of group members. Karlan's (2007) study is situated in Peru and measures social ties by looking at the extent to which group members share the same culture and/or live more closely to each other. His analysis suggests that social ties measured in this way are associated with better repayment performance. Ahlin and Townsend (2007) use survey data from borrowers of BAAC, an MFI in Thailand. Their measure of social ties (they label this as cooperation) focuses on the extent to which group borrowers are willing to share money and free labor, and to what extent they are willing to coordinate the transportation of crops, the purchase of inputs, and sales of crops. They find a negative association between ties and repayment, a result that has not been reported in other studies. According to Ahlin and Townsend (2007) , social ties may improve repayment when these ties help strengthening the effective use of penalties against those group members who fail to repay, whereas it reduces repayment in cases ties discourage the use of such penalties. Cassar et al. (2007) , using survey data from borrowers in South Africa and Armenia, measure social capital within borrowing groups by focusing on group homogeneity and intra-group trust, and show that both these measures are positively associated with repayment performance. In a series of studies, Dufhues et al. (2011a Dufhues et al. ( , b, 2012 Dufhues et al. ( , and 2013 ) measure social capital based on social network analysis, using information from borrowing households in Thailand and Vietnam. The results of these studies suggest that social capital is associated with better repayment performance, depending on the nature of social ties between individuals. Wydick et al. (2011) is one of the few studies focusing on how social capital can help increasing the social performance of MFIs. In particular, they show that religious networks are important for rural households in Guatemala to have access to credit.
The above-mentioned studies all use data from a single country context (except Cassar et al. 2007 , who use data from two countries). They do not allow for looking at country variations in terms of how social capital development is facilitated. Recently, a small number of studies has emerged that focus on various social measurements, such as trust or culture. Burzynska and Berggren (2015) focus on the relationship between trust and a collectivist cultural dimension, and the financial performance (i.e., repayment rates, costs, and interest rates) of MFIs. Using information for 331 MFIs in 37 countries for the period 2003-2011, they find that MFIs in countries with higher levels of trust and/or a more collectivist culture on average have lower costs and lower interest rates. Manos and Tsytrinbaum (2014) focus on different measures of culture as determinants of financial and social performance. They use data for 852 MFIs from 30 countries during the period 2000-2010 and find that culture is a significant determinant of MFI financial and social performance and that the strength of the association between culture and performance depends on the type of cultural values and beliefs. Sundeen and Johnson (2012) investigate to what extent social capital (defined by them as social networks, norms, and trustworthiness) affects financial and social performance of MFIs. Their sample covers almost 2000 MFI in 115 countries between 1995 and 2011. The results suggest that social capital does affect MFI performance and that there is a trade-off between financial and social performance. Aggarwal et al. (2015) focus on analyzing whether social dimensions (i.e., trust and culture) influence the extent to which MFIs lend to female borrowers. They find that in low-trust countries MFIs lend more to women as compared to MFIs in high-trust countries. This suggests that MFIs use targeting women as borrowers as a lending strategy to substitute for the low level of trust in a society, as women are generally seen as more trustworthy borrowers. Finally, in a related study Mersland et al. (2013) focus on the religious background of MFIs and their performance. Using data from a sample of 405 MFIs operating in 73 countries from 2001 to 2010, they find that MFIs with a Christian background have significantly lower funding costs and consistently underperform in terms of financial profit indicators as compared to secular MFIs. In terms of loan repayment performance and average loan size (a measure of outreach), both types of MFIs perform the same, however.
We build on these recent cross-country studies analyzing the relationship between social determinants such as trust and cultural dimensions, and MFI performance. To explain how MFI performance is determined by social capital, we start from the framework developed by Nahapiet and Ghoshal (1998), which integrates the different facets of social capital to define it in terms of three distinct dimensions: structural social capital, relational social capital, and cognitive social capital. Structural social capital refers to the overall pattern of connections between individuals (the presence or absence of social ties between individuals, the network configuration, the network density, connectivity, etc.). Relational social capital describes the personal relationship that individuals develop through multiple social interactions over time, such as respect, friendship, sociability, approval, and prestige. Cognitive social capital reflects the shared norms, languages, systems of meaning, and the shared narratives.
While structural social capital encapsulates the characteristics of the social structure, relational and cognitive social capital constitute the aspects that facilitate the actions and interactions of individuals within the social structure. Thus, social capital is embedded in social structures and is owned jointly by the members of the social structure (i.e., no member can unilaterally own her/ his social structure).
Hypotheses
In this section, we propose concrete social determinants to measure the three social capital dimensions identified by Nahapiet and Ghoshal (1998) , and develop our hypotheses on the expected relationships between these determinants and the MFI financial and social performance.
We expect a positive association between the financial and social performance of MFIs and the social dimensions that facilitate the social capital formation. As explained in ''Social Capital and the Performance of MFIs'' section, unlike traditional banking, MFIs give access to loans to asset-poor individuals by allowing them to replace the physical collateral by their social capital. By relying on social capital, repayment of loans is improved, which positively contributes to the financial performance of MFIs. Moreover, relying on social capital allows them to be more socially oriented (which at least formally is their primary mission), as the availability of social collateral reduces the information opaqueness that is generally associated with providing financial services to poorer borrowers, i.e., they can better lend smaller loans as compared to traditional banks, and can better reach the asset-poor individuals without access to traditional banks (with a particular focus on women). Thus, we expect MFIs to perform better, both financially and socially, in societies where social capital formation is facilitated. Individuals living in societies where the development of social capital is hampered may not have the necessary stocks of social capital to ensure the success of microcredit. Hence, we expect lower financial performance of MFIs active in these societies. At the same time, due to the lack of reliable stocks of social capital, MFIs may get a more commercially oriented focus and may not be able to reach their intended social aims (i.e., to lend lower loan amounts to mainly women).
As for the outcome variables, we focus on three dimensions of social and financial performance, i.e., the share of female borrowers, the average loan size relative to GNI per capita, and the operational self-sufficiency. The first two measures relate to social performance, the third is a measure of financial performance of MFIs. A higher value for the operational self-sufficiency ratio is associated with better financial performance of MFIs. If MFIs provide more loans to women and/or if they provide smaller loans, this is seen as showing better social performance. These financial and social performance measures, although not perfect, are standard in the microfinance literature (see, e.g., Ahlin et al. 2011; Hermes and Meesters 2011; Manos and Tsytrinbaum 2014) .
To investigate how easy/difficult social capital can be formed in different environments, we look at the following three dimensions: fractionalization of society, generalized trust, and individualism. The fractionalization of different societies may lead to disparities in terms of how easy/ difficult cognitive social capital (shared codes and languages, shared narratives) can be formed. The generalized trust proxies the formation of relational social capital as a function of social interaction. We take the individualism index as a measure for the extent to which formation of social capital structures (i.e., the formation of relationships between individuals, the configuration of their networks, their network connectivity, density, etc.) is facilitated in a society.
Fractionalization
Fractionalization of society refers to the probability that two randomly drawn individuals coming from the same country are not from the same ethnic, religious, or linguistic group. The higher this probability, the higher is the level of fractionalization. In the economic growth literature, fractionalization is associated with political instability, weak institutions, and poor macroeconomic performance. Fractionalization is expected to reduce the development of cognitive social capital (Nahapiet and Ghoshal 1998) . When a society is highly fractionalized, this means that a large number of linguistic, religious, and/ or ethnic groups live together. The differences between groups in such a society may lead to smaller in-group networks and distrust of one group versus other groups. Moreover, beliefs, norms, and values may differ between groups as well. Vaessen and Bastiaensen (1999) argue that when local social structures are sufficiently integrated, norms, perceptions, and ideologies can circulate freely among the different social actors, thus leading to positive social capital accumulation. Hence, homogeneity of local social structures, or low fractionalization, may contribute to developing structural social capital and support economic growth.
Based on this discussion of the association between fractionalization and social capital formation, in combination with our expectation that higher levels of social capital are associated with better financial and social performance of MFIs, we hypothesize that lower fractionalization leads to better financial and social performance. As MFIs' social and financial performance relies on the social capital pledged by their borrowers, we expect a negative relationship between fractionalization and MFI financial and social performance. First of all, fractionalized societies are likely to produce lower stocks of social capital, which renders the social collateral-backed lending less successful. Thus, in these societies it may be less likely for the threat of a social sanction in case of delinquent behavior to be credible, which reduces the probability of loan repayments. Moreover, less social collateral also means less social support in case of economic problems, again reducing the probability that borrowers will pay back their loans. This leads to the expectation that MFIs may achieve worse-off financial performance in fractionalized societies. Second, because the availability of social collateral reduces the information opaqueness that is associated with providing financial services to poorer borrowers, MFIs active in fractionalized countries may be less successful in achieving social goals. In other words, we expect that MFIs in lessfractionalized countries can reach more women with lower loan sizes than MFIs that are active in fractionalized countries.
Thus, we derive the following hypotheses:
H1a Operational self-sufficiency is negatively associated with fractionalization (i.e., linguistic, ethnic, religious);
H1b Female borrowing is negatively associated with fractionalization (i.e., linguistic, ethnic, religious); and
H1c
The loan size is positively associated with fractionalization (i.e., linguistic, ethnic, religious).
Generalized Trust
Generalized trust is defined as trust towards strangers, which arises when ''… a community shares a set of moral values in such a way as to create regular expectations of regular and honest behavior'' (Fukuyama 1995) . Generalized trust is different from particularized trust, because it is extended to people ''… on whom the trusting part has no direct information'' (Bjørnskov 2006) . The extent to which generalized trust is prevalent in a society is expected to be positively associated with developing relational social capital. In particular, we expect that higher levels of generalized trust are conducive to a faster development of friendships through social interactions, higher levels of respect and acceptance between individuals, and swifter sociability among individuals. Indeed, Realo and Allik (2009) point out that when trust ''… is limited to the nuclear family or kinship alone, people have lower levels of social capital. Social capital increases as the radius of trust widens to encompass a larger number of people and social networks, ridging the 'gap' between the family and state.' ' Knack and Keefer (1997) show there is a positive association between trust and social capital. If we combine these findings regarding the association between generalized trust and social capital formation with our discussion regarding the relationship between social capital and the financial and social performance of MFIs, we may develop the following hypotheses:
H2a Operational self-sufficiency is positively associated with generalized trust; H2b Female borrowing is positively associated with generalized trust; and H2c The loan size is negatively associated with generalized trust.
In other words, we expect that the social capital backed lending model performs better (both in terms of financial and social objectives) in societies where the development of relational social capital is facilitated.
Individualism
Next, we look at individualism as a proxy for how easy/ difficult structural social capital (i.e., social networks) can be formed within a society. Individualism is one of several dimensions of the cultural setting of a society, which has been developed by Hofstede (2001) . 4 According to Hofstede (2001) culture refers to the collective programming of the mind that distinguishes members of one group from another. It defines what represents acceptable and/or desirable behavior within the group and accordingly can help group members make decisions and/or judge the decisions of others. As explained by Peña López and Sánchez Santos (2014, p. 700), culture ''…is a subliminal system of thought that reflects the organizations of values, norms and symbols of a particular society …[influencing] the interactions and choices of individuals (Parsons and Shills 1990) .'' These interactions and choices take place within the context of the networks and relationships between individuals, i.e., the social structure. Culture, social structure, and social networks are therefore closely related phenomena.
Related to this, Inkeles (2000) states that Hofstede's cultural dimensions are related to social capital and that this is particularly true for individualism. In a similar vein, Allik and Realo (2004) , and Realo and Allik (2009) argue that the possibility to act individualistically is an important driver of the configuration of his/her social capital. In individualistic societies, it is expected that the individual looks after himself/herself and his/her immediate family only. In these societies, individuals focus on themselves rather than on the group to which they belong when they develop their networks. As a consequence, individuals in these societies will develop their social networks according to their own interest, i.e., they are not bound by social norms to restrict their social interactions within their kin. Individualism therefore is associated with a preference for a loosely knit and broadly developed social network. In contrast, collectivist societies rely on values and beliefs that strongly link people into cohesive in-groups where the group members are expected to protect each other throughout their lifetime in exchange of unquestioning loyalty. These common collectivist visions lead to smaller, tightly knit social frameworks where individuals focus on the group rather than on themselves.
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Based on the above discussion, we expect that individuals coming from individualist societies have created networks beyond their kin, and are therefore likely to be more successful in developing wider social networks as compared to individuals coming from collectivist societies. As MFI financial and social performance relies on the stocks of social capital of microcredit borrowers, we expect that MFIs perform better in individualistic societies. The individualism index we use in this paper indicates the degree to which a given society can be considered as individualistic. High individualism values indicate that the society is encouraging individuals to focus on personal achievement and develop valuable social ties/networks.
The above discussion suggests the following hypotheses:
H3a Operational self-sufficiency is positively associated with the extent to which a society can be characterized as individualistic;
H3b Female borrowing is positively associated with the extent to which a society can be characterized as individualistic; and
H3c
The loan size is negatively associated with the extent to which a society can be characterized as individualistic.
Methodology and Data
The empirical methodology we follow is inspired by the work of Ahlin et al. (2011) , who investigate the determinants of the MFI financial performance by looking at three categories of independent variables, i.e., macroeconomic variables, formal institutional variables, and MFI-specific variables. In our analysis for this paper, we add a fourth category, i.e., our three types of social dimensions. The baseline model can be written as follows:
where Y ijt is a vector of performance outcome measures of MFI i in year t, located in country j. As was already mentioned in ''Hypotheses'' section with respect to the outcome variables, we focus on the share of female borrowers, the average loan size relative to GNI per capita, and the operational self-sufficiency. The first two measures relate to social performance, and the third is a measure of financial performance of MFIs. A higher value for the operational self-sufficiency ratio is associated with better financial performance of MFIs. If MFIs provide more loans to women and/or if they provide smaller loans, this is seen as showing better social performance. M ijt is a vector of MFI-specific control variables of MFI i in country j at time t; X 0jt is a vector of macroeconomic variables describing country j at time t; X 1jt is a vector of variables describing the formal institutional environment from country j at time t; and X 2j is the vector containing our variables of interest, i.e., the social dimensions describing country j. The MFI-specific variables included in the analysis are the MFI age, the number of borrowers, and the ratio of assets to loan portfolio (reflecting the degree to which non-loan assets are supporting the MFI's lending operation), as well as the MFI's geographical location (i.e., dummy measuring whether the MFI is from Latin America or the Caribbean or from another part of the world). The data related to MFIs come from Mix Market, a publicly available web-based data source, which provides detailed information with respect to the financial and social performance of MFIs around the world. Currently, this database contains information for over 2000 MFIs with information going back as far as the mid1990s. Following Ahlin et al. (2011) and others in the field of microfinance research, we only use data for MFIs that have been rated with four and five diamonds in the Mix Market dataset. These diamonds indicate the quality of the financial statements of MFIs as published by the Mix Market, five diamonds being the highest level of quality (i.e., the financial statements are audited by a recognized auditing company). We collect data for MFI-specific characteristics for the period 1996-2012. The final dataset consists of 6934 observations covering 934 MFIs based in 100 countries.
The macroeconomic variables include the annual growth of the real GDP per capita, the quadratic term of the real GDP per capita, the share of manufacturing in total GDP, measured in terms of the value added of this sector, the total labor force as a percentage of the total population over 15 years, the share of the industrial sector in total GDP (in terms of value added), the share of services in total GDP (in terms of value added), the annual inflation rate, and net foreign direct investment inflows as a percentage of total GDP. The choice for these variables is based on what has been used in other related studies (e.g., Ahlin et al. 2011; Hermes and Meesters 2011) . Information for the macroeconomic variables is collected from the World Development Indicators (WDI).
With respect to the formal institutional variables, we use a measure of the political stability and absence of violence, a measure for the control of corruption, as well as a measure of the rule of law, all measured at the country level. Again, our choice of variables has been guided by the existing literature. Data for the formal institutional variables indicators come from the Kaufmann World Governance Indicators database. The Kaufmann indicators are available since 1996. Between 1996 and 2002, the data are only available bi-annually. We therefore use interpolation to create observations for the years data are not available. With respect to our variables of interest, we include three types of social dimensions, i.e., fractionalization, generalized trust, and individualism. We take three different measures for country-level fractionalization from Alesina et al. (2003) . These authors developed a dataset measuring ethnic, linguistic, and religious fractionalization within a country. With respect to generalized trust, we follow most of the literature and use a measure of the socalled generalized trust, which is available in the World Value Survey (WVS). Generalized trust is measured in the WVS by asking the following question: ''In general, do you think that most people can be trusted, or can't you be too careful in dealing with people?'' As was discussed above, we also use Geert Hofstede's individualism index. The data for this index are taken from Hofstede's Cultural Dimensions Data Matrix.
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Following Ahlin et al. (2011) , we start by using a small set of specifications as a source of discipline. 8 We then perform the tests by including larger sets of controls. Ahlin et al. (2011) run pooled OLS regressions followed by additional series of tests accounting for the MFI-level heterogeneity. However, we are not able to do this, as our variables of interest are time invariant. The characteristics of our data direct our estimation strategy. Random effects are not suitable either as it assumes that the individualspecific effects are distributed independently of the independent variables. It is reasonable to assume that we have dependencies in our data as we have nested data (MFIs nested within countries). The Hausman-Taylor estimator for error-components model is also not suitable, as we do not have instruments for our potentially endogenous variables and our variables of interest are time invariant. We thus rely on OLS estimations with Huber-White heteroscedastic-consistent standard errors, and we perform a wide range of additional robustness checks, acknowledging that we are unable to fully deal with the endogeneity concerns.
9 However, since social dimensions only change very slowly over time and given the fact that our panel data are relatively short, we have reasons to assume that in our case the endogeneity problem may be less severe.
In additional tests, we use standard errors clustered at the country level. Furthermore, to address the outlier issues 6 So, for example for the year 1997, we create observations for the formal institutional variables, by calculating the average value of a variable based on the observations for 1996 and 1998. 7 The data were retrieved from the following website: http://www. geerthofstede.nl/dimension-data-matrix. We do not use the data from the GLOBE project. As is shown in the study by Manos and Tsytrinbum (2014) using these data dramatically reduces the number of countries for which the analysis can be carried out. 8 Table 2 provides definitions of all variables used in our analysis. 9 We prefer using OLS estimations with Huber-White heteroscedastic-consistent standard errors, instead of using simple pooled OLS regressions. The reason is that using pooled OLS regressions may lead to an overly optimistic picture of the estimation outcomes, because given the content and structure of our dataset the standard OLS assumptions may be violated.
we re-run our estimates on a trimmed sample and use conditional median estimations.
10 Finally, because our data for the period 1996-2005 is highly unbalanced, we also perform the estimations on the subset of data between 2006 and 2012. Table 1 shows the number of MFIs for which we have data in a particular year (between 1996 and 2012). As it is clear from this table, the bulk of the information on MFIs is available for the years 2006-2011. For the first 4 years, the number of observations is equal to or less than 100 per year. These numbers indicate that the dataset we have is unbalanced. This is the case for many papers using the Mix Market dataset. Table 2 provides an overview of the descriptive statistics of the variables we use in the empirical analysis. The table shows that the number of observations significantly varies between the different variables. In particular, data for Hofstede's individualism dimension are not available for all countries in our dataset. In total, Hofstede's matrix contains data on individualism for 78 countries. When we further combine the Hofstede data on individualism with the data on MFIs from Mix Market, we are left with only 23 countries.
Descriptive Statistics
With respect to our dependent variables, the descriptive statistics show that the MFIs in our sample mainly lend to women: two-thirds of the loans is provided to female borrowers. This supports the idea that the general approach taken by MFIs is to focus their lending on women as they are considered to perform better in terms of repayment, while at the same time making a greater social impact (Aggarwal et al. 2015) . The size of the average loan provided by an MFI in a particular country is two-thirds the size of the average GNI per capita of that country. Finally, the average MFI in our sample appears to be financially sustainable as the mean of the operational self-sustainability variables is above 1. Table 3 shows the correlation matrix. The table suggests that our financial and social performance variables do correlate with several of the social dimensions we focus on. Moreover, several of the correlation coefficients do seem to have the expected positive sign. This is the first indication that there may be a positive association between the financial and social performance of MFIs and the social dimensions conducive to developing social capital/ties. The next step is to find out whether this association holds in the setting of a multivariate analysis.
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Econometric Results
We first focus on measures of societal fractionalization and generalized trust and their association with financial and social performance of MFIs. The association between individualism and the financial and social performance of MFIs will be discussed separately, as the dataset we are able to apply for this measure is much smaller due to lack of data on cultural measures for a considerable number of countries in our dataset. We do not estimate a full model incorporating all these social dimensions, because by doing so we would lose too many observations. Moreover, in this way we also avoid potential problems of multicollinearity.
The results of our empirical analysis using measures of societal fractionalization and generalized trust are Total 6934
10 Thus, we also report our estimates using conditional median regression, which minimizes the sum of absolute residuals rather than the squared residuals and tends to be less susceptible to outlier problems than least squares; see also Ahlin et al. 2011) . 11 We cannot include the variables Geographic (indicating whether the country is from Latin America or Caribbean or not) and GDP per capita in the same regression models as the correlation between these two variables appears to be relatively high (see the correlation matrix, Table 3 ). Moreover, when adding the covariates one by one, the two variables (i.e., Geographic and real GDP per capita) switch signs, indicating potential multicollinearity problems. To decide what variable to keep, we performed the regressions with the two variables included separately and we selected the real GDP per capita as it brought the highest explanatory power based on the adjusted R-squared value.
presented in Tables 4, 5 , 6, 7, 8, and 9. Tables 4, 5, and 6 show the results for the conditional mean regressions for the three dependent variables, i.e., Share of Female Borrowers (Table 4) , Average Loan per GNI per Capita (Table 5) , and Operational Self-Sufficiency (OSS; Table 6 ). The results in Table 4 generally support our hypotheses. Societal fractionalization is associated with lower shares of female borrowers, i.e., MFIs that are active in fractionalized societies on average lend less to women. Moreover, lending to women is higher in high-trust countries. The results for the average loan size (Table 5 ) and the OSS (Table 6) show similar patterns. Loan size is higher in countries with high societal fractionalization and in lowtrust countries, indicating lower social performance when MFIs are active in societies where cognitive and relational social capital formation is difficult. OSS is lower in countries with high societal fractionalization, suggesting worse financial performance in these contexts.
12
To address potential outlier problems, we follow Ahlin et al. (2011) and estimate conditional median regression models. 13 The outcomes for our social dimensions are similar to those presented in Tables 4, 5 , and 6. This supports our main hypothesis that MFIs which are active in Based on calculations of the authors 12 We also estimated the baseline models presented in Tables 4, 5 , and 6 using simple pooled OLS regressions. The results of these estimations are almost identical to those shown in the tables. The pooled OLS results have not been added to the tables in the paper, but they are available upon request from the authors. 13 We have not added these tables in the paper, but they are available upon request from the authors.
Table 3
Pairwise correlation matrix Tables 4, 5 , and 6. The results suggest that for two performance measures (share of female borrowers and operational self-sufficiency) religious fractionalization is most important for explaining MFI performance. For the third performance measure (average loan size) ethnic fractionalization appears to be the most important explanatory dimension.
In the regression models presented in Tables 4, 5 , and 6, we use a smaller set of control variables, because for some of the control variables we have left out, we have a significant number of missing values. Adding all controls leads to a drop in the number of observations for each regression model.
14 Still, as a robustness test, in Tables 7,  8 , and 9 we run the same regressions as in Tables 4, 5 , and 6, but this time we use a larger set of control variables. We should note here that in the regression models presented in Tables 4, 5 , 6, 7, 8, and 9, we do not add controls that are correlated with any of our variables of interest. The results for our social dimensions remain largely unchanged as compared to the results reported in Tables 4, 5, and 6.   15 Once again, therefore, these results support our main hypothesis that MFIs which are active in contexts conducive to developing social capital show higher financial and social performance.
We also redo the estimations presented in Tables 4, 5 , and 6 using standard errors clustered at the country level to account for the fact that our data cover MFIs that are active in the same country. Also when we use these clustered standard errors, the results remain largely the same (although in some cases these results are no longer statistically significant). 16 We then perform analyses similar to the one presented in Tables 4, 5 , 6, 7, 8, and 9 , but now we use a trimmed dataset. In particular, we drop the 1 % top and bottom of the data to further control for the potential impact of outliers on the results. The results of these analyses are Tables 4, 5, and 6 varies between 3176 and 5805; for  Tables 7, 8 , and 9 these numbers are between 2788 and 4883. 15 Due to the pairwise correlations between some of the control variables in our models, their signs and significance may change as compared to the first six tables. 16 The results of the estimations using clustered standard errors are not reported in the paper but are available on request from the authors. Table 5 Fractionalization, generalized trust, and MFI social performance (conditional mean regressions) qualitatively similar to the ones presented in Tables 4, 5 , 6, 7, 8, and 9. 17 We continue discussing the analysis using the individualism dimension as a measure of the extent to which structural social capital development is facilitated. As was mentioned above, the dataset we are able to apply for this variable is much smaller due to lack of data for a considerable number of countries in our dataset.
18 Table 10 presents the results for the conditional mean regressions for the three dependent variables, i.e., Share of Female Borrowers (column 1), Average Loan per GNI per Capita (column 2), and Operational Self-Sufficiency (column 3). We also perform our estimations based on conditional median regression. The results emerging from these two sets of regressions are very similar.
19 They clearly are supportive to the hypothesis that in individualistic societies the social performance of MFIs is generally better. Our measure of the individualism dimension is positively associated with the share of female borrowers and negative with the average loan size. With respect to financial performance, we do not find supportive evidence, however.
Individualism is actually negatively associated with our measure of operational self-sufficiency, at least when we use the results for the conditional mean regression model. When we use the conditional median regression model, the coefficient for individualism remains negative, but it is no longer significant. In additional robustness tests (not reported), in which we run the same regressions as in Table 10 , but with a larger set of control variables, we find very similar results.
As a final robustness test we redo all regressions presented in Tables 4, 5 , 6, 7, 8, 9 , and 10 (including the robustness tests for which we use conditional median regressions and a trimmed dataset), this time only using a sub-sample of the dataset. As was clear from the data description in Table 1 , most information on MFIs is available for recent years, indicating that the dataset we have is unbalanced, especially for the earlier years. For this robustness test, we therefore only use data from 2006 to 2012 to see whether our results still hold when we have a less unbalanced dataset. The data for this period cover 70 % of the observations of the full dataset. The results of these analyses (not reported) are qualitatively similar to the ones presented in Tables 4, 5 , 6, 7, 8, 9, and 10. 20 GDPperCapitaPPPsq -2.46e-09*** (7.54e-10) -1.89e-09** (8.19e-10) -2.01e-09** (7.86e-10) -2.31e-09** (1.07e-09) The results of these analyses not reported in the paper but are available on request from the authors. 18 The number of observations for the regression models using individualism as our measure of the extent to which structural social capital development is facilitated varies between 2737 and 3207. 19 The results of these analyses not reported in the paper but are available on request from the authors. 20 We chose not to report the results of this robustness test as this would add another 48 tables to the already substantial number of tables we have. However, again, the results of these robustness analyses are available from the authors. Table 11 summarizes the results of the association between our variables of interest and financial and social performance of MFIs as shown in Tables 4, 5 , 6, 7, 8, 9, and 10. In particular, the table shows the expected sign (discussed in ''Hypotheses'' section of this paper) as well as the actual sign we find after estimating the models. A ? (-) indicates that we find a positive (negative) and significant coefficient. The general picture that emerges from this table is that we find support for most of our hypotheses regarding the association between our social dimensions and the social and financial performance of MFIs, the only exception being the association between individualism and MFIs' financial performance.
Manufacturing
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Regarding endogeneity, we have taken the precautions that our particular dataset allowed us to take, as described in the previous section. While we cannot completely dismiss the possibility of unexplained individual-specific effects, we argue that reverse causality may not be a major issue. In particular, we believe it is far-fetched to assume that MFIs' social and financial performance would affect the considered social dimensions of their countries. While the values of these social dimensions may change over time, they change very slowly. Microfinance has developed starting with late 1970s and it has considerably scaled up relatively recently. It is therefore not very likely that microfinance has changed the values of these social dimensions for the countries they come from.
Summary and Concluding Remarks
As was indicated in the introduction, the market for microfinance has been booming, especially since the early 2000s. And although the global financial crisis led to a reduction of its growth, and notwithstanding the criticism it received especially from 2007 onwards, policy makers still see it as an important instrument to reduce poverty by policy makers. At the same time, the private sector has increasingly valued microfinance as an interesting SRI tool. This fits into the general recent trend of the increasing GDPperCapitaPPP_LagSq 5.21e-09*** (4.16e-10) 5.52e-09*** (4.28e-10) 5.22e-09*** (4.20e-10) 6.89e-09*** (4.93e-10) popularity of this type of investments (combining investors' financial objectives with concerns about environmental, social, and governance issues) around the world. Yet, in order to be able to secure sustained interest from private investors, it is important that MFIs can show evidence of their contribution to reducing poverty. It is, therefore, very important that we have a better understanding of the conditions that enable MFIs to contribute to poverty reduction in a financially sustainable way. Previous research has investigated institution-specific factors, macroeconomic factors, and the formal institutional context as drivers of MFI financial and social performance. We add to this research by focusing on the relationship between the performance of MFIs and the extent to which social capital formation is facilitated in different countries. We render this as a potentially important driver of MFI performance, because the lending model many of these institutions still use extensively crucially depends on the availability and quality of social capital.
We use three types of social dimensions-i.e., fractionalization, generalized trust, and individualism-to proxy for the extent to which social capital formation is facilitated. In particular, a society's fractionalization indicates how easy/difficult is for individuals to develop cognitive social capital. Generalized trust indicates to what extent different societies are conducive of the development of relational social capital (i.e., how fast individuals can build respect, acceptance, friendship, sociability through social interactions). Individualist societies better facilitate the development of structural social capital (i.e., expanding social networks beyond the kin).
We use data from a sample of 100 countries to identify how country variations in terms of these social dimensions explain variation in the MFIs financial and social performance. Overall, our results indicate that MFIs perform better, in terms of both financial and social objectives, in societies where social capital can be developed more easily. Most importantly, we find that MFIs active in societies characterized by higher (linguistic, ethnic, and religious) fractionalization and hightrust societies show lower financial and social performance. These results are very stable over a large number of model specifications, data sub-samples, and estimation methods. Moreover, we find that in individualistic societies social performance of MFIs is higher, which is in line with our hypothesis. We do not find support for our hypothesis that financial performance of MFIs is higher in individualistic societies. The results of this study have clear policy relevance. They suggest that the success of microfinance models depends on the extent to which the society is conducive to social capital development. In practical terms, this means that simply copying models such as group lending from one context to the other may lead to failure. In the past, MFIs have followed this strategy. The success of the Grameen Bank led to setting up similar microfinance initiatives around the world. Yet, the mechanism of the Grameen Bank model is rather specific. It may work well in the societal context of Bangladesh and other South Asian countries. This does not mean, however, that the model can be equally successful in the context of, for example, African countries. This message may be important for MFIs when evaluating the performance of their operations and the type of financial services they provide. It may also be highly relevant for MFIs that are about to establish a (new) branch in a different region or country and have to consider which lending technology to use. The country context in which they (are about to) work may well determine the success of some types of lending technologies, while it may be barrier for the success of others.
GDPperCapitaPPP_LagSq
Our study sheds light on the characteristics of the social contexts in which microfinance can be successful. This may contribute by raising awareness that microfinance is perhaps not the best solution to cater for the financial needs of all poor individuals around the world. This may call for other innovative solutions that are better suited for certain social contexts.
Future research may look into questions that focus on better understanding why established microfinance models work in one context, while they are failing in other contexts, by explicitly taking into account the difference in the societies' capacities to facilitate social capital formation.
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